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Overview

1. Statistical tests
a. Single true-model
b. Kullback-Leibler divergence
c. Convex combination of classifiers

2. Initial experiments

3. Conclusions and further work
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Methodology

• SwissMetro dataset (Bierlaire, Axhausen, Abay, 2001)
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• SwissMetro dataset (Bierlaire, Axhausen, Abay, 2001)

Train: 70% Validation: 30%



Methodology



Models

1. Base model
2. True model
3. No-luggage
4. No-age
5. Time-cost
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Results: Single true-model test
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Results: Convex combination of classifiers test



Conclusions/further work

• 3 proposed tests for parametric and non-parametric 
models

• Initial results indicate potential consistency with 
parametric tests

• Need formal testing and simulation on multiple 
scenarios and datasets


